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Introduction 

Breeding of wheat has two main directions: grain yield 
and quality (Tsenov et al., 2009, 2010). The main objective 
of each breeding program is grain yield, regardless of the 
enormous variety of conditions (Valvo et al., 2018; Senapati 
et al., 2019). Grain yield is a quantitative trait that is formed 
by the level and variability of a number of traits of the plant 
the effect of which changes it (Mitchell and Sheehy, 2018). 
The interrelationships between these traits are an important 
element in the selection of grain yield (Tsenov et al., 2009; 
Hristov et al., 2011). In direct dependence on environmental 
conditions, correlations between the characters affecting the 
yield change substantially (Hristov et al., 2011; Terzić et al., 
2018). Therefore, a similar grain yield is obtained as a result 
of various “combinations” of traits, directly dependent on the 
particular environments (Tsenov et al., 2012; Terzić et al., 
2018). Each distinct trait changes with the conditions (Djuric et 
al., 2018), which is why the correlations between the traits are 
important for targeted breeding in a given region (Valvo et al., 
2018). It is generally known that increasing the level of one trait 
is directly related to lowering the level of another for biological 

reasons. For example, the negative correlation between grain 
size and the number of grains per spike (Mandea et al., 2019; 
Tsenov and Gubatov, 2020). In order to have a constant 
success in efforts to increase the productive potential of the 
wheat plant, it must meet certain morphological and biological 
characteristics, depending on the changing climate conditions 
and the current level of cultivation technology (Valvo et al., 
2018). In order to make progress, it is necessary to build a 
proper plant biotype. The present high level of productivity 
as a result of long-term breeding in the country requires even 
more precise knowledge of the interrelationships between the 
traits to achieve a combination rather than an antagonism 
between them (Flohr et al., 2018; Quintero et al., 2018). In 
winter common wheat, the enormous genetic abundance of 
varieties and the contrasting conditions for their cultivation 
cause different correlations between these traits (Hristov 
et al., 2008; Raykov et al., 2016). This is the reason why a 
number of researchers are constantly studying the complex 
relationships between characters through various selection 
indices (Tsenov et al., 2017; García et al., 2019). The latter 
are mainly used to mitigate the negative correlations between 
essential traits directly affecting grain yields. Their application 
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should be the result of lengthy and in-depth studies of the 
relationships between the components of productivity 
(Alonso et al., 2018). In order to derive maximum objective 
information, long-term Multi-Environmental field Trials (MET) 
should be organized, the conditions of which provoke to a 
maximum degree the variation of each of the traits to be 
investigated (Mandea et al., 2019). Any change to a trait will 
affect each of the other traits as well as the grain yield itself. 
For this purpose, MET are extremely useful (Gubatov et al., 
2016; Öztürk et al., 2019).

The aim of the study is to estimate the nature of relationships 
between winter wheat (Triticum aestivum L.) traits known as 
components of productivity.

Material and methods 

Field experiments
For the purpose of the study, two ecological trial databases 

were used. These include data from field trials conducted in a total 
of ten locations in Bulgaria over a period of eight years. The first 
group of experiments includes data from a study of 30 winter wheat 
varieties at five locations (Selanovtsi, Pordim, Brashlen, Burgas 
and Radnevo) and four consecutive seasons (2007-2010). The 
second group includes a group of 24 winter wheat varieties in five 
locations (Dobrich, Russe, Veliko Tarnovo, Yambol and Plovdiv) 
and four seasons (2009-2012). Some of those data on the studied 
traits, with a major emphasis on the environmental conditions on 
the plasticity and the stability of the varieties, have already been 
published (Tsenov and Gubatov, 2015; Gubatov et al., 2016).

Table 1. Summary descriptive statistics for the winter wheat varieties traits (N=1080)

Trait Mean SD* CV** Min Max Range Skewness Kurtosis
GY 6.64 2.025 30.5 2.17 13.24 11.07 .374 .265
EED 130 5.2 4.0 116 141 25 -.296 -.345
GFP 44.4 9.35 21.0 19 69 50 .080 1.028
VP 228 14.5 6.3 185 248 63 -1.037 .992
NPT 675 166.8 24.7 330 1480 1150 1.313 2.487
NGS 25.1 7.08 28.2 9 50 41.00 .126 -.432
TGW 40.4 5.34 13.2 25,6 57.7 32.1 -.267 -.004
WGS 1.01 0.307 30.3 0.33 1.92 1.59 -.173 -.713
NGm 16497 5035.9 30.5 6950 34673 27723 1.062 1.224

Legend: *Standard deviation, **Coefficient of variation, GY- grain yield, t/ha, EED- ear emergence date, as number of days 
after 1st of January, GFP- grain filling period, VP- vegetation period, NPT- number of productive tillers, NGS- number of grains 
per spike, TGW- 1000 grain weight, WGS- weight of grain per spike) and NGm- number of grains per m2.

Components of productivity
In the two groups of field trials, the same characteristics 

of the winter wheat varieties were studied as follows: grain 
yield (GY, t/ha), ear emergence date (EED), as number 
of days after 1st of January, grain filling period (GFP), 
vegetation period (VP), number of productive tillers (NPT), 
number of grains per spike (NGS), 1000 grain weight (TGW), 
grain weight per spike (WGS) and number of grains per m2 
(NGm). Basic statistics on traits are shown in Table 1. Each 
of the signs has been investigated on the basis of each 
repetition of the three of the field experiments. All significant 
details of the experiments conducted can be found in the 
previous publications of Tsenov et al. (2014) and Gubatov 
et al. (2016)

Statistical analyses
Correlations between all tested traits have been studied 

with the main focus being on grain yield as a trait of their 
interdependencies. All possible types of correlation analyses 
that can be applied are used. To confirm the results, the 
capacities of Principal Component Analysis (PCA), a regression 
analysis and Multiple Correspondence analysis are also used. 
All of these are applied using the statistical programs IBM 

SPSS 19, Statgraphics XVI and Statistica 10. Before being 
analyzed, the numerical values of each trait are ordered and 
standardized.

Results

The data from the field experiments show a strong 
interaction of the traits with the environment conditions (Table 
2). The effects of each of the factors studied (season, location 
and variety) are reliable at the highest level. In general, traits 
are strongly influenced by the interaction of the variety*year, 
with the exception of only one NPT. It is clear that the 
variation of each of the traits is the result of the action and the 
interplay between the factors of the environment. The degree 
of change in the traits expressed by the coefficient of variation 
is also very high (Table 1), especially in the grain yield and the 
integral traits - WGS, NGm. This is a good enough prerequisite 
for studying the links between them.

There are positive correlations between grain yield and 
other traits (Table 3). The bold correlations are quite high at 
95% probability. However, the values of R2 (over the diagonal) 
show that there are only real interrelations between several 
characters.
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Table 2. Analysis of variance for the winter wheat varieties traits - Type III Sums of Squares

Source           Df            MS p-value             MS p-value             MS p-value
GY EED GFP

 A:Year 3 643.960 0.000 4723.34 0.000 10860.9 0.000
 B:Location 4 223.340 0.000 1116.94 0.000 1315.8 0.000
 C:Variety 53 1.100 0.000 22.0372 0.000 13.1972 0.000
 A*B 12 102.362 0.000 507.313 0.000 4339.55 0.000
 A*C 159 0.625 0.000 7.81022 0.000 8.78262 0.000
 B*C 212 0.275 0.155 2.14739 0.092 3.12029 0.024
Residual 636 0.246 1.85793 2.5168

VP NPT NGS
 A:Year 3 5846.94 0.000 878423 0.000 8817.52 0.000
 B:Location 4 22559.4 0.000 2.44E+06 0.000 929.097 0.000
 C:Variety 53 10.8069 0.000 8055.92 0.005 48.7538 0.000
 A*B 12 9489.29 0.000 983315 0.000 720.563 0.000
 A*C 159 4.70922 0.000 5168.49 0.383 19.3669 0.000
 B*C 212 3.15921 0.038 6583.25 0.005 12.1062 0.221
Residual 636 2.60513 4996.76 11.1358

TGW WGS NGm
 A:Year 3 2558.67 0.000 21.53 0.000 2.39E+09 0.000
 B:Location 4 1737.29 0.000 0.1568 0.000 2.19E+09 0.000
 C:Variety 53 66.0236 0.000 0.0348 0.000 2.43E+07 0.000
 A*B 12 389.563 0.000 1.309 0.000 5.77E+08 0.000
 A*C 159 17.0346 0.000 0.0281 0.000 6.46E+06 0.000
 B*C 212 6.20382 0.538 0.0217 0.000 2.98E+06 0.021
Residual 636 6.28435 0.0154 2.39E+06
Legend: GY- grain yield, t/ha, EED-ear emergence date, as number of days after 1st of January, GFP- grain filling period, VP- 
vegetation period, NPT- number of productive tillers, NGS- number of grains per spike, TGW- 1000 grain weight, WGS- weight 
of grain per spike) and NGm- number of grains per m2.

Table 3. Pearson correlation matrix between grain yield and related traits

Trait GY EED GFP VP NTP NGS TGW WGS NGm
GY 0.33 0.01 0.19 0.10 0.40 0.11 0.48 0.83
EED 0.57 0.07 0.02 0.01 0.21 0.02 0.20 0.32
GFP 0.10 -0.27 0.15 0.06 0.00 0.00 0.00 0.01
VP 0.43 0.14 0.38 0.24 0.00 0.00 0.00 0.17
NPT 0.32 0.11 0.25 0.49 0.15 0.01 0.16 0.15
NGS 0.63 0.46 -0.04 -0.01 -0.38 0.00 0.82 0.44
TGW 0.34 0.14 -0.05 0.07 -0.09 0.03 0.19 0.00
WGS 0.69 0.44 -0.07 0.04 -0.41 0.91 0.44 0.30
NGm 0.91 0.57 0.12 0.41 0.38 0.66 -0.06 0.55
Legend: Correlation coefficients below and coefficients of determinations above the diagonal; Values in bold are different from 
0 with a significance level alpha=0.05, GY-grain yield, t/ha, EED-ear emergence date, as number of days after 1st of January, 
GFP-grain filling period, VP-vegetation period, NPT- number of productive tillers, NGS-number of grains per spike, TGW-1000 
grain weight, WGS- weight of grain per spike and NGm-number of grains per m2.

To consider that there is a relationship, we assume that 
at least 40% (R2=0.40) of the values of the cases correspond 
to the model applied. According to the R2 values, we can 
divide the correlations into two groups: traits with strong 
GY-NGm, WGS-NGS; traits with a good relationship - WGS-
NGS, GY-EED. Similar are the correlations between pairs 
of traits - NGm-NGS, NGm-EED. Despite high values, all 
the other correlations are questionable and should not be 
considered as existing. A number of authors do not report that 
putative values of (r) are associated with low R2 values and 
accept correlations for existing without being fully significant 
(Desheva, 2016; Phillip et al., 2018).

The NGS can be considered a major trait for grain yield. This 
assertion results from its direct correlation with GY (r=0.63) and 
the impact it has on WGS (r=0.91) and NGm (r=0.66), which in 
turn have a strong relationship with GY.

Wheat-based trait (NPT) shows an insignificant relationship 
with grain yield as well as strong negative correlations with 
NGS and WGS. On the other hand, its role in NGm has been 
proven. However, this correlation to the trait is significantly 
lower than that of NGS. The role of NGS on GY has been 
described extensively in various publications (Tsenov et al., 
2012; Desheva, 2016; Mirosavljević et al., 2018; Valvo et al., 
2018).
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Discussion 

Additional models for calculating correlation between traits 
are also used to check the results obtained (Table 4). Well 
known correlation of Spearman and Kendall models can be 
formulated as special cases of correlations. Both models reflect 
some extent the non-linear relationships between the traits 
through their ranks. Data analysis shows that the relationship 

between the individual traits is maintained in principle, although 
the correlation coefficient values change with those of the 
Pearson model. This applies to the highest degree of NGm, 
and less for WGS and NGS, which still retain the link to grain 
yield. The relationship between GY and the traits VP and NGS 
is confirmed but at low values of R2. In this situation, it is difficult 
to draw proper conclusions for selection of components of 
productivity.

Table 4. Rank correlations between grain yield and yield related traits

Trait 1* p R2 2* p R2 3* p R2

EED 0.45 < 0.0001 0.20 0.29 < 0.0001 0.09 0.08 < 0.0001 0.11
GFP 0.15 < 0.0001 0.02 0.10 < 0.0001 0.01 0.26 < 0.0001 0.15
VP 0.51 < 0.0001 0.26 0.35 < 0.0001 0.12 -0.10 < 0.0001 0.22
NPT 0.31 < 0.0001 0.10 0.20 < 0.0001 0.04 0.14 < 0.0001 0.14
NGS 0.63 < 0.0001 0.39 0.46 < 0.0001 0.21 0.62 < 0.0001 0.41
TGW 0.33 < 0.0001 0.11 0.22 < 0.0001 0.05 0.29 < 0.0001 0.35
WGS 0.69 < 0.0001 0.47 0.51 < 0.0001 0.26 0.66 < 0.0001 0.36
NGm 0.90 < 0.0001 0.82 0.74 < 0.0001 0.55 0.95 < 0.0001 0.65

Legend: *Correlations by: 1- Spearman, 2- Kendall, 3- Partial by multi linear regression, EED- ear emergence date, as number 
of days after 1st of January, GFP- grain filling period, VP- vegetation period, NPT- number of productive tillers, NGS- number of 
grains per spike, TGW- 1000 grain weight, WGS- weight of grain per spike and NGm- number of grains per m2.

Finally, the Multiple Linear Regression (MLR) model has 
been applied, which makes it possible to trace the relationship 
of the traits to the grain yield, regardless of their interrelation. 
In addition, this model (Table 5) provides information on the 
multicollinearity between the traits. Standardized regression 
coefficient values show strong connections of GY with NGS 
(r=0.62), WGS (r=0.72), and NGm (r=0.92). Practically, the 

magnitude of these correlations is quite similar to those of the 
Pearson model. The additional removal of the variation of the 
individual traits through the partial and semi-partial correlations 
makes the connection of each character with the research 
unique. Again, the same traits have a strong relationship with 
GY: NGS (r=0.52-0.62), WGS (r=0.59-0.66), and NGm (r=0.65-
0.85). 

Table 5. Statistics of multilinear Regression analysis by SPSS 

Trait Standardized
Coefficients* t p Correlations Collinearity

Partial SemiPart Tolerance VIF**
(Constant) -0.012 0.990

EED 0.01 2.52 0.012 0.08 0.06 0.499 2.00
GFP 0.03 8.71 0.000 0.26 0.22 0.626 1.59
VP -0.01    -3.24 0.001 -0.01 -0.01 0.480 2.08
NPT 0.23 4.63 0.000 0.14 0.11 0.123 8.10
NGS 0.62   -26.03 0.000 0.62 0.52 0.010 99.08
TGW 0.10 9.99 0.000 0.29 0.24 0.054 18.53
WGS 0.72    28.97 0.000 0.66 0.59 0.009 107.37
NGm 0.92  106.02 0.000 0.85 0.65 0.076  13.21

Legend: *Dependent Variable is GY; **Variance Inflation Factor; 
Model Equation: GY= 0.01*EED+0.03*GFP-0.01*VP+0.03*NPT-0.62*NGS+0.10*TGW+0.72*WGS+0.92*NGm 
EED-ear emergence date, as number of days after 1st of January, GFP-grain filling period, VP-vegetation period, 
NPT- number of productive tillers, NGS-number of grains per spike, TGW-1000 grain weight, WGS- weight of grain per spike 
and NGm-number of grains per m2.

However, these traits show a very high level of 
interdependence from others (collinearity by VIF). According 
to the statistical criteria, values of this parameter above 
10 indicate their relationship to grain yield is influenced by 
the relationship with other traits. To predict the effects of 
multi collinearity, a principal component analysis (PCA) 
was applied (Figure 1). The data show three components 

(eigenvalues) of the variation of the traits, which is an 
indication of a complex non-linear manifestation of each of 
them against the background of the others. We can, with a 
high degree of credibility, claim that the traits NGm, WGS, 
NGS, EED actually correlated to grain yield. The “cleaning” 
of the variance between the characters is represented as 
vectors and is an indication of a link between them.
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Figure 1. 3D Spatial representation of the trait vectors by PCA 
(GY- grain yield, t/ha, EED- ear emergence date, as number 
of days after 1st of January, GFP- grain filling period, VP- 
vegetation period, NPT- number of productive tillers, NGS- 
number of grains per spike, TGW- 1000 grain weight, WGS- 
weight of grain per spike and NGm- number of grains per m2).

 
The closer the vectors to each other (sharp angle), the 

greater the correlation between the traits, that express them. 
The information from the last applied analysis corresponds to a 
large extent with that of the correlation analyses before and can 
therefore be another confirmation of the links between the traits.

Conclusion

Finally, we can say that a detailed study of the relationship 
between grain yield of the tested 54 winter wheat varieties and 
some quantitative traits gives different information in direct 
dependence on the statistical methods that are applied. When 
looking for a link between traits that could potentially help the 
grain yield breeding, it is imperative that the data be analyzed 
by various statistical methods. The non-linear variation of each 
character complicates the determination of real connections 
between them. For this reason, caution should be taken not to 
make mistakes in the conclusions. On the other hand, it is clear 
that the WGS and NGm traits, which are practically indices, 
have the most tangible relationship to grain yield. The basis of 
both indices is the NGS trait, which according to the majority 
of research on the topic is largely determining grain yield in 
contrasting wheat environments. The NGS and WGS traits 
have the strongest relationship to grain yield, a strong negative 
correlation with NPT trait. The latter has a connection with GY, 
but it is weak and unreliable. On the other hand, its correlation 
with NGm is positive. In order to increase the number of grains 
per m2, it is necessary to increase productive tillering because 
it is a component of this index (NGm=NPT*NGS). The rise in 
NPT is associated with a decrease in WGS due to its negative 
correlation. The latter is important for improving lodging tolerance.

References

Alonso MP, Mirabella NE, Panelo JS, Cendoya MG and 
Pontaroli AC, 2018. Selection for high spike fertility index 
increases genetic progress in grain yield and stability in bread 
wheat. Euphytica, 214, 112. https://doi.org/10.1007/s10681-
018-2193-4 

Desheva G, 2016. Correlation and path-coefficient analysis of 
quantitative characters in winter bread wheat varieties. Trakia 
Journal of Sciences, 1, 24-29. http://tru.uni-sz.bg/tsj/
Djuric N, Prodanovic S, Brankovic G, Djekic V, Cvijanovic 
G, Zilic S, Dragicevic V, Zecevic V and Dozet G, 2018. 
Correlation-regression analysis of morphological-production 
traits of wheat varieties. Romanian Biotechnological Letters, 
23, 13457-13465. http://rik.mrizp.rs/handle/123456789/729 
Flohr BM, Hunt JR, Kirkegaard JA, Evans JR, Swana A and 
Rheinheimera B, 2018. Genetic gains in NSW wheat cultivars 
from 1901 to 2014 as revealed from synchronous flowering 
during the optimum period. European Journal of Agronomy, 98, 
1-13. https://doi.org/10.1016/j.eja.2018.03.009 
Foulkes MJ, Slafer GA, Davies WJ, Berry PM, Sylvester-
Bradley R, Martre P, Calderini DF, Grifiths S and Reynolds 
MP, 2011. Raising yield potential of wheat III. Optimizing 
partitioning to grain while maintaining lodging resistance. 
Journal of Experimental Botany 62, 469-486.
https://doi.org/10.1093/jxb/erq300 
García AL, Savin R and Slafer GA, 2019. Fruiting efficiency 
differences between cereal species. Field Crops Research, 
231, 68-80. https://doi.org/10.1016/j.fcr.2018.11.005 
Gubatov T, Yanchev I and Tsenov N, 2016. Effect of the 
environments on the productivity-related characters in common 
winter wheat. Bulgarian Journal of Agricultural Science, 22, 
927-935. 
Hristov N, Mladenov N, Kondic-Spika A, Statkic S and 
Kovacevic N, 2008. Direct and indirect effects of several wheat 
traits on grain yield. A periodical of scientific research on Field 
and Vegetable Crops. NS, Serbia, 45, 15-20. https://scindeks.
ceon.rs/article.aspx?artid=0354-76980802015H 
Hristov N, Мladenov N and Кondić-Špika A, 2011. Effect of 
environmental and genetic factors on the correlation and stability 
of grain yield components in wheat. Genetika, 43, 141-152.
https://doi.org/10.2298/GENSR1101141H 
Mandea V, Mustățea P, Marinciu C-M, Şerban G, Meluca C, 
Păunescu G, Isticioaia S-F, Dragomir C, Bunta G, Filiche 
E, Voinea L, Lobonţiu I, Domokos Z, Voica M, Ittu G and  
Săulescu NN, 2019. Yield components compensation in winter 
wheat (Triticum aestivum L.) is cultivar dependent. Romanian 
Agricultural Research, 36, 1-7. 
Mirosavljević M, Momčilović V, Denčić S, Mikić S, Trkulja 
D and Pržulj N, 2018. Grain number and grain weight as 
determinants of triticale, wheat, two-rowed and six-rowed 
barley yield in the Pannonian environment. Spanish Journal of 
Agricultural Research, 16, 3, e0903. http://dx.doi.org/10.5424/
sjar/2018163-11388 
Mitchell PL and Sheehy JE, 2018. Potential yield of wheat in the 
United Kingdom: How to reach 20 t ha−1. Field Crops Research, 
224, 115-125. https://doi.org/10.1016/j.fcr.2018.05.008 
Öztürk İ, Kahraman T, Avci R, Şen A and Kiliç TH, 2019. 
Variation and stability of the advanced bread wheat (Triticum 
aestivum L.) genotypes under various environment conditions 
in Trakia region. Agricultural Science and Technology, 11, 13-
22. doi: 10.15547/ast.2019.01.003  



300

Philipp N, Weichert H, Bohra U, Weschke W, Schulthess AW 
and Weber H, 2018. Grain number and grain yield distribution 
along the spike remain stable despite breeding for high yield 
in winter wheat. PLoS One, 13, 10. e0205452. https://doi.
org/10.1371/journal.pone.0205452 
Quintero A, Molero G, Reynolds MP and Calderini DF, 2018. 
Trade-off between grain weight and grain number in wheat 
depends on GxE interaction: A case study of an elite CIMMYT 
panel (CIMCOG). European Journal of Agronomy, 92, 17-29. 
https://doi.org/10.1016/j.eja.2017.09.007 
Raykov G, Chamurliyski P, Doneva S, Penchev E and 
Tsenov N, 2016. Productivity performance of bread winter 
wheat genotypes of local and foreign origin. Agricultural Science 
and Technology, 8, 276-279. doi: 10.15547/ast.2016.04.052 
Reynolds M, Foulkes MJ, Slafer GA, Berry P, Parry MA, 
Snape JW and Angus WJ, 2009. Raising yield potential in 
wheat. Journal of Experimental Botany, 60, 1899-1918. https://
doi.org/10.1093/jxb/erp016 
Senapati N, Brown HE and Semenov MA, 2019. Raising 
genetic yield potential in high productive countries: Designing 
wheat ideotypes under climate change. Agricultural and 
Forest Meteorology, 271, 33-45. https://doi.org/10.1016/j.
agrformet.2019.02.025 
Terzić D, Đekić V, Milivojević J, Branković S, Perišić V, 
Perišić V and Đokić D, 2018. Yield components and yield of 
winter wheat in different years of research. Biologica Nyssana, 
9, 119-131. http://dx.doi.org/10.5281/zenodo.2538604 
Tsenov N, Kostov K, Todorov I, Panayotov I, Stoeva I, 
Atanassova D, Mankovsky I and Chamurliysky P, 2009. 

Problems, achievements and prospects in breeding for grain 
productivity of winter wheat. Field Crops Studies, 5, 261-273.
Tsenov N, Stoeva I and Atanasova D, 2010. Breeding of end-
use quality of winter wheat in Dobrudzha Agricultural Research 
Institute – present and prospects. Field Crops Studies, 6, 217-234.
Tsenov N, Ivanova A, Atanasova D, Petrova T and Tsenova 
E, 2012. Breeding indices for assessment of drought tolerance 
of winter bread wheat. Field Crops Studies, 8, 65-74. 
Tsenov N, Atanasova D, Nankova M, Ivanova A and Gubatov 
T, 2014. Genotype x environment effects on the productivity 
traits of common wheat (Triticum aestivum L.) II. Analysis of 
the response of a genotype. Turkish Journal of Agricultural and 
Natural Sciences, Special Issue, 1, 198-1208.
Tsenov N and Gubatov T, 2015. Influence of environmental 
conditions on the performance of the vegetation period in 
winter common wheat (Triticum aestivum L.). Int. J. of Current 
research, 7(12), 23917-23924. 
Tsenov N, Gubatov T, Raykov G, Ivanova A and Chamurliiski 
P, 2017. New approaches for evaluation the grain yield of winter 
wheat in contrasting environments. International Journal of 
Current Research, 9, 44487-44495. http://www.journalcra.com/ 
Tsenov N and Gubatov T, 2020. Using the GY*trait interaction 
in ecological field trials to evaluate grain yield of wheat varieties. 
Bulgarian Journal of Agricultural Sciences, 26 (in press). 
Valvo P, Miralles JD and Serrago RA, 2018. Genetic 
progress in Argentine bread wheat varieties released between 
1918 and 2011: Changes in physiological and numerical yield 
components. Field Crops Research 221, 314-321. https://doi.
org/10.1016/j.fcr.2017.08.014 


